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Fast ML fer Science

Scientific discoveries come from groundbreaking ideas and the
capability to validate those ideas by testing nature at new scales—
finer and more precise temporal and spatial resolution. This is
leading to an explosion of data that must be interpreted, and ML is
proving a powerful approach. The more efficiently we can test our
hypotheses, the faster we can achieve discovery. To fully unleash the
power of ML and accelerate discoveries, it is necessary to embed it

into our scientific process, into our instruments and detectors.
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Applications and Technigues for Fast Machine Learning in Science
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Computation time [s] Full 40 MHz readout with smart pixel detectors
Talk by G. Di Guglielmo
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